STANFORD ARTIFICIAL INTELLIGENCE PROJECT
MEMO NO.7

September 18, 1963.

PROGRAMS WITH COMMON SENSE

by John McCarthy

Abstract:

Note:

Interesting work is being done in programming computers
to solve problems which require a pigh degree of
intelligence in humans. However, certain elementary verbal
reasoning processes so s~ple that they can be carried out
by any ~on-feeble-minded human have yet to be simulated by
machine progra~.
This paper will discuss progra~ to manipulate in a
suitable formal language (most likely a part of the
predicate calculus) common instrumental statements. The
basic program will draw immediate conclusions from a list
of premises. These conclusions will be either declarative
or imperative sentences. When an ~perative sentence is
deduced the program takes a corresponding action. These
actions may include printing sentences, moving sentences
on lists, and reinitiating the basic deduction process on
these lists.
Facilities will be provided forcommunication with humans
in the sys~em via manual intervention and'display devices
connected to the computer.

This is a reprint of a paper taken from '~echanisation of Thought
Processes", Voi.I, pp.77-84, Proc:Symposium, National Physical
Laboratory, 24, 25, 26 & 27 November·, 1958.

The advice taker is a proposed program for solving problems by
manipulating sentences in formal languages. The main difference between it and
other programs or proposed programs for manipulating formal languages (the LogIc
Theory Machine of Newell, Simon and Shaw and the Geometry Program of Gelernter)
is that in the previous programs the formal system was the subject matter but the
~uristics were all embodied in the program.
In this program the procedures will
be described as much as possible in the language itself and, in particular, the
heuristics are all so described.
The main advantages we expect the advice taker to have is that its
behaviour will be improvable merely by making statements to it, telling it about
its symbolic environment and what is wanted from it. To'make these statements will
require little if any knowledge of the program or the previous knowledge of the
advice taker. One will be able to assume that the advice taker will have available
to it a fairly wide class of immediate logical consequences of anything it is told
and its previous knowledge. This property is expected to have much in common with
what makes us describe certain humans as having common sense. We shall therefore
say that a program has common sense if it automatically deduces' for itself a
sufficiently wide cl~ss of immediate consequences of anything it is told and what
it already knows.
The design of this system will be a joint project. with Marvin Minsky,
but Minsky is not to be he14 responsible for the views expressed here.
Before describing·the advice. taker in any ~etail, I would like to
describe more fully our motivation ~or proceeding in this direction. Our
ultimate objective is to make programs that learn from' their experience as
effectively as humans do. It may not be realized how far we are presently from
this objective. It is not hard to' make machines learn from experience to make
stmp1e changes in their behaviour of a kind which has been anticipated by the
programmer. Por example, ·Samuel has included in his checker program facilities
for improving the weights the machine assigns to various factors in evaluating'
positions. He has also'included a scheme whereby the ~chine remembers .games it
has played previously and deviates from its previous play when it'findsa, position
which it previously lost •. Suppose, however~ that we. wanted an~improvement in
behavior corresponding, say, to the discovery by the machine of the principle of
the opposition in checkers. No present or presently proposed schemes are capable
of discovering phenomena as abstract ~s' this.
If one wants a machine' to be able to discover an abstraction, it seema
most likely that the machine must be able to represent this 'abstraction ,in some
relatively ~imple way.
There is' one known way of making a mach~ne capable of learning arbitrary
behaviour; thus 'to anticipate every kind of behaviour. This is to 'make it
possible for the machine to simulate arbitrary behaviours and try them out.
These behaviours may be represented either by nerve nets (ref.2), by Turing
machines (ref.3), or by calculator progra~ (ref.4). The difficulty is two-fold.
First, in any of these representations the density of interesting behaviours is '
incredibly low. Second, and even more important, small interesting changes.in.
behaviour expressed at a high level of abstraction do not have simple repre~entations.
~
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It is as though the human genetic structure were represented by a set of blueprints. When a mutation would usually re~ult in a wart or a failure of parts to
meet, or even an ungrammatical blue-print which could not be translated into an
animal at all. It is very difficult to see how the genetic representation scheme
manages to be general enoughm represent the great variety of animals observed and
yet be such that so many interesting changes in the organism are represented by
small genetic changes. The problem of how such a representation controls the
development of a fertilized egg into a mature animal is even more difficult.
In our opinion, a system which is to evolve intelligence of human
order should have at least the following features:
1.

All behaviours must be representable in the system. Therefore, the
system should either be able to construct arbitrary automata or to
program in some general purpose programming languag~.

2.

Interesting changes in behaviour must be expressible in a simple way.

3.

All aspects of behaviour except the most routine must be improvable. In
particular, the improving mechanism should be improvable.

4.

The machine must have or evolve concepts of partial success because on
difficult problems decisive successes or failures come too infrequently_

5.

The system must be able to create subroutines which can be included in
procedures as units. The learning of subroutines is complicated by the
fact that the effect of a subroutine is not usually good or bad in
itself. Therefore, the mechanism that selects subroutines should have
concepts of an interesting or powerful subroutine whose application
may be good urder suitable conditions.

Of the 5 points mentioned above, our work concentrates mainly on the
second. We base ourselves on the idea that: In order for a program to be
capable of learning something it must first be capable of being told it. In
fact, in the early versions we shall concentrate entirely on this point and
attempt to achieve a system which can be told to make a specific improvement in
its behaviour with no more knowledge of its internal structure or previous
knowledge than is required in order to instruct a human. Once this is achieved,
we may be able to tell the advice taker how to learn from experience.
The main distinction between the way one programs a computer and
modifies the program and the way one instructs a human or will instruct the advice
taker is this: A machine is'instructed mainly in the form of a sequence of
imperative sentences; while a human is instructed mainly in declarative sentencBs
describing the situation' in which action is required together with a few
~peratives that say what is wanted.
We shall list the advantages of the two
methods of instruction.
Advantages of Imperative Sentences:

~

1.

A proeedure described in imperatives is already laid out and is
faster.

2.

One starts with a machine in a basic state and does not assume previous
knowledge on the part of the machine.
2

ca~ried

out,

Advantages o f Dec l ar at ive Sent en ces :
1.

Advantage can be taken of prev i ou s knowledge.

2.

Declarative sent enc es h ave ,l ogica l cons e quences and it can be arranged that
the machine will have av a ilable suf ficie ntly s impl e log i ca l consequences o f
what it is t old and what it pr eviously knew.

3.

The meaning of declaratives is much l ess depend ent on the i r , or de r than is the
case, wa.th impera tives . Thi s makes it easier to have aft erthough ts .

4.

The effect of a de c lar a tive is less dependent on the pr ev ious sta t e of the
sy s tem so that les s knowledge of this sta t e i s r e quired on the pa r t of the
ins true tor.

Th e only way we know of expressing abstrac tions (such as th e previous
example of the opposition in che ckers) i s in language. Th a t is ,'hy we have
decided to pro gr am a system wh i ch r ea sons ve rba lly .
THE CONSTRUCTION OF THE ADVICE TAKER
The advice taker sy stem has the fo l lm;ing ma i n fea tures :
1. The r e is a me thod of representing express i on s in th e computer . The s e
express i ons are def ined recursive ly as foll ows: A cl ass of entities ca lled terms
is defined and a t e rm is. an expression.

expression.
(ref.l).

A se qu e nce of expressions is an

'"

These expressions are repre s ented in th e machine by list structures

2. Certain of these express i ons may be regarded as dec l arat i ve sentences in a
certain logical system which wi l l be analogous to a universal Pos t canonical system.
The particular system ~hosen will depend on pr ogramming cons id era tions but will
probably have a single rule of inference which ,.ill combine s ubstitution for
variables with ' modus 'ponens. The purpos e of the combination i s t o avoid choking
the machine with special cas e s of general propositions already deduced.
3. Ther e is an immedia t e deduc tion routine which when given a set of premises will
deduce a set of immediate conclusions. ' Initia lly , the immediate deduction r outine
will simply write down all one - step consequences of the premises. La t e r this may be
elaborated so tha,t the routine will produc e some o ther conclusions which ' may be of
interest.

H01;Jeye r, this r outine

~vi ll

not us e s emant i c heuristics;

i.e. heuri s tic s

which aepend , on the subject mat t er under di s cussion .
The intelligence, i f any, of the advice taker will not be embod i e d in th e
immediate deduction r outine . This in telligence wil l be embo died in t he procedure s
which choose, the lists of premises to which the inune diate deduction routine is to be
applied. Of course, the progr am should never attempt to apply the imme diate
deduction routine simultaneou sly t o the list of eve rything it knows. Thi s would'
make the deduction routine take too ,long.
4. Not all expressions are i nterpr eted .by the system a s de clar ative s entences.
Some are the name s of entities of var i ous ki nds . Certain formulas r e present objects.
For our purposes, an entity is an object if we have something to say about it other
than the things which may be deduced from t he form of i ts name. For exampl e, to most
people , the number 3812 is no t an object: they h ave nothin g to say abou t it except
what can be de duced from its structure. On the othe r hand, t o mos t Americans the
number 1776 is a n obj ect because they have fil ed somewhere the fact that it
represents the year when the Amer i can Revolution s t a rt ed . In the advice t ake r each
object has a property list in which are li s t ed the specific things we have to say about it.
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Some things which can be deduced from the name of the object may be included
in the property list anyhow if the deduction was actually carried out and was
,difficult enough so' that the system does not want to carry it out again.
.
5. Entities other than declarative sentences which can be represented
in the system are individuals, functions, and programs.

yy.~ormulas

6. The program is intended to operate cyclically as follows. The immediate
deduction routine is applied to a list of premises and a list of indi~iduals.
Some of the conclusions have the form of imperative sentences. These are obeyed.
Included in the set of imperatives which may be obeyed is the routine which deduces
and obeys.
We shall illustrate the way the advice taker is supposed to act by means
of an example. Assume that I am seated at my ,desk at home and I wish to goto the
airport. My car is at my home also. The solution of the problem,is to walk to
the car and drive the car to the airport. First, we xhall give a formal statement
of the premises the advice taker uses to draw the conclusions. Then we shall
discuss the heuristics which cause the advice taker to assemble these premises
from the totality of facts it has available. The premises come in groups, and we
shal~ explain the interpretation of each group.
1. First, we have a predicate "at ll • "at(X,y)" is a formalization of "x is at y".
Under this heading we have the premises
1.
2~

3.

4.
5.

at
at
at
at
at

(I, desk)
(desk, home)
(car, home)
(home, c('unty)
(airport, county)

We shall need the fact that the relation "at" is transitive which might be written
directly as
6.

at(x,y),

at(y ,z)

~

at(x,z)

or alternatively we might instead use the more abstract premises
6 1 • transitive (at)

and
7 1 • transitive (u) ~ (u(x,y), u(yz ,z) ~ u(x,z) )

from which 6. can be deduced.

2.

There are two rules concerning the feasibility of walking and driving.
8.

walkable(x) ~ at(y ,x), at( z ,x), at(I ,y )_._. ) can(go{y, z, walkipg) )

9.

drivable(x), at(y,x),'

~t

(z,x), at(car,y), at(I,car)-+can(go(y,z,driving) )

There are also two specific facts
10. walkable (home)
11. drivable (county)
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3.

Next we have a rule concerned with the properties of going.
12.

4.

did(go(x,y,z»-4 at(I,y)

The problem itself is p,)sed by the premise:
13.

want(at(I,airport»

5. The above are all the premises concerned with the particular probeem. The
last group of premises are common to almost all problems of this sort. They are:
14.

(x-4can(y», (did(y)

~

z) --+ canachu1t(x,y,z)

The predicate "canachu1t(x,y,z)" means that in a situation to which x applies,
the action y can be performed and brings about a situation to which z applies~
A sort of transitivity is described by
15.

canachu1t(x,y,z),

canachult(z,u,v)~canachu1t(x,prog(y,u),v).

Here prog(u,v) is the program of first carrying out u and then v. (Some kidd of
identification of a single action u with the one step program prog(u) is obviously
required, but the details of how this will fit into the formalism have not yet
been worked out).
The final premise is the one which causes action to be taken.
16.

x, canachult (x,prog(y, z) ,w), ,,,ant (w)---4 do (y)

The argument the advice taker must produce in order to solve the
problem deduces the folloving propositions in more or less the following order:
1.
2.
3.
4.
5.
6.
7.
8.

at(I,desk)~ can (go (desk,car ,walking) )
at(I,car)~~n(go(home,airport,driving»
did(go(desk,car,walking) )--~at(I,car)

did (go (home, airport ,driving) ) --7" at(I,airport)
canachult(at(i,desk), go(desk,car,~a1king), at(I,car) )
canachult(at(I,car) , go(home,airport,driving), at(I,airport) )
canachulc(at(I,desk) , program(go(desk,car,walking), go(home,airport,
driving) ), ~at(I,airport) )
do(go(Jesk,car,wa1king»

The deduction of the last proposition initiates action.
']be above proposed re,asoning raises t,01O major questions of heuristic.
The first is that of how the 16 premises are col1~cted; and the second is that
of how t~e deduction proceed's once they are found. We cannot give complete
answers to either question in the present paper; they are obviously not
completely separate since some of the deductions might be made before some of the
premises are collected. Let us first consider the question of where the 16
premdJes come from.
First of all, we assert that except for the 13th premise (want(at(I,
airport) ) which sets the goal) add the 1st premise (at(l,desk) which we shall
gft t from a routine which answers the question " where am I"), all the premises
can reasonably be expected to be specifically present in the memory of a
machine which has competence of human order in finding itsway around. That is,
none of them are so specific to the problem at hand that assuming their presence
in memory constitutes an anticipation of this particular problem or of a class
of problems narrower than those which any human can expect to have previously
solved. We must impose this requirement if we are to be able to say that the
advice taker exhibits common s~nse.
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On the other hand, ,.,hi1e we may reasonably assume that the premises
are in memory, we still have to describe how they are assembled into a list
by themselves to which the deduction routine may be applied. Tentatively, we
expect the advice taker to proceed as follows: initially, the sentence
"want(at(l,airport) )" is on a certain list L, called the main list, all by
itself. The program begins with an observation routine which looks at the main
list and puts certain statements about the contents of this "list on a list
called "observations of the main list". We shall not spec"ify at .,present what all
t~e possible outputs of ~his observation routine are but merely, .say that in
this case ,it will observe that "the only statement 'on L has the form
'want(u(x) )'. " (We write this out in English because we have not yet settled
on a formalism for representing statements of this kind). The "deduce and
obey" ro~tine is then app1ie~ to the ~ombination of,. the "observations of the
main list" list, and a list called the "standing orders list". This list is
'rather small and is 'never changed,: or at least is only changed-in major changes
of the advice tak.er. 'The contents of the "standing orders" iist has not' been
worked out, but what must be deduced is the extraction of certain statements
from property lists. Namely, the ,program first looks at "want(at(I,a~rport) )"
and attempts to copy the sta~ements on ~ts property list. Let us assume that it
fails in this attempt because ''want(at(I,airport) )" does not have the status of'
an object and hence has no property list. (One might expect that if the problem
of 'going to the airport had arisen before, "want(at(I, airport) )" would be an
object, but this might depend on whether there were routines for generalizing
previous experience that would allow something of general use tO'be filed under
that heading). Next in order of increasing generality the machine would see if
anything were filed under "want(at(l,x)" which would deal with the gen~ral
problem of getting somewhere. One would expect that premises 6',' (or 6' 'and 7'),
8, 9, 12, wou14 be so filed. There would also be the formula
.
want(at(l,x) )--7do(observe(where am I) )
which would give us premise 1. There would also be a reference to the next
higher' level of abstraction in the goal statement which would cause a look at
the property list of "want (x) ". This would" give us 14, 15, and 16.
We shall not try to follow the solution further except to remark that
''want(at(l,x) )" there would be a rule that starts with the premises lIat(l,y)"
and "want(l,x)1I and has as conclusion a search for the property ~ist of
"go(y,x,z)". This would presumably fail, and then there would have to be
heqristics that would initiate a search for a y such that "at(l,y)" and
"at(airpott, y)". This woul~ be done by looking on the property lists of the
origin and the destination and working up. Then premise 9 would be found
wh.ich has as one of its premises at(l,car). A repetition of the above would
find'premise 8, which would complete the set of premises since the other "at"
premises would have been found as by·products of previous searches.
We hope that the presence of the heuristic rules mentioned on the
property lists where we have put them will seem plausible to the reader. It
should be noticed that' on the higher level of abstraction many of the statements
are of the· stimulus-response form. One might conjecture that division in man .
between conscious and unconscious thought. occurs at the boundary between
stimulus-response heuristics which do not have to be reasoned about but only
obeyed, and the others which have to serve as premises in deductions.
We hope to formalize the heuristics in another paper 'before we start
programming the system.
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